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Abstract:

Proactive information dissemination is necessary to revitalize the Japanese Keirin

business. An article describing prediction of the race result is effective for revitalizing the Keirin

business. However, writing articles manually is a heavy burden. This is because the number of

races per day is about 60 races and it is very large. Another reason is that participating racers will

be decided according to the race result of the previous day. Therefore, there is a strong demand for

a technique for automatically generating content including articles. The purpose of this research is

to generate articles automatically in Japanese Keirin. In order to automatically generate articles,

we predict race results by machine learning. And, we generate an article explaining the predicted

results using the template.
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