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A study of estimation of the review helpfulness
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Abstract: Product reviews can be helpful for consumers to finalize their purchasing decisions. The

advertisement contains sentences intended by the seller. Meanwhile, the product review seems to

be an honest impression of the consumer, so it is easier to trust. However, there are some problems

such as fake reviews and guerilla marketing in recent years. Therefore, in many e-commerce sites,

each reviews have “Helpful” and “Not Helpful” buttons for consumers to evaluate the helpfulness

of the review. In this paper, we consider the estimation model of review helpfulness for the review

sentences of Rakuten Ichiba (rakuten.co.jp).
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