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Abstract: This paper presents an approach to finding internal features from high-dimensional and
-correlative data, which we called Supervised Group Elastic Net(SGEN). SGEN keeps track of the group
explained features in the dataset. It focuses on the relatively weak correlative feature in the group. SGEN
consists of 3 steps. The first step is grouping. We group the expandable feature into a group, using
K-means. The second step is choosing the essential group from Group Elastic Net. The third step is
finding a relatively low-correlative group in selected groups. The expandable feature in the relatively
low-correlative group may be indiscoverable. Furthermore, we conduct an experience to apply SGEN to
financial statement data. As a result, we find the SGEN can find the internal feature that we can relate to a

certain event in the real world.
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Income tax
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Accounts payable

Employee benefits

Taxes payable

Cash from selling commodities or offering labor
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Cash received relating to other operating activities

Sub-total of cash inflows from operating activities

payable
Total current Long—term Provisions
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